














































x1-x6 are training samples. When a feature is zero the corresponding parameter does not get updated. Hence, parameters θ7 and θ2 
will update frequently, θ5-θ4-θ8 moderately and θ1-θ3-θ6 rarely. Adaptive SGD methods make smaller updates for frequently updating 
parameters and bigger updates for more rarely updating parameters. For higher hidden layers the relation between θi and inputs is not 
obvious so to adjust the changing rate we rely on some form of the sum of previous squared gis (gradient values of θi)
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